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Table.4.1 : Inventory data of this example
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Table 4.1 Aa,B
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0 0 1 -1 0 3 O 0O
0 0 0 1 0.1 2 10 0 1
A B
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—1 (002 2 202 202 -51
A = = (4.2)
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ap

1 5

f, (X)=const(5< x < 20)

Table 4.3 : Relationship between estimated sigma
and the number of scarce data.

2

Y a1z BU
1 -54.474 -54.474] 6.866 -
2 -54.474 -51.881 -53.188] 6.299 | 1.833
3 -54.474 -51.881 -40.834 -49.065] 6.802 | 7.244
4 -54.474 -51.881 -40.834 -71.989 -54.796] 10.455 ] 12.898
5 -54.474 -51.881 -40.834 -71.989 -36.825| -51.202] 11.585 | 13.753
BU = Bayesian Update o al2
= o al2
5 N(-5010%) 1
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Fig. 4.3 : Relationship between Bayesian Updated sigma
and the number of scarce data.
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Fig.4.4 : Relationship between unbiased variance

and the number of scarce data
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[9] CHE
N(2.532,0.6167)
3o
Aay;s AS (2.42)
Ap, = 2.304x10° x Ady (5.1)
Ay = 2.532[9 - (7 } B, =1.479x10°[g] a5 B

ﬂl = Fl + Aﬂl
=1.479x10° + 2.304x10° x (8,5 — 8415) (5.2)
=2.304x10° x a,,; +8.953x10°

(244) ﬁl fﬂl (y)true

fi (Nie = Tx (N)N'(Y))
= 2.811x10°° x exp{f 1.318(4.340x10°® x y — 6.418)° }

(5.3)
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Bayesian Update
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Fig. 5.2 : Bayesian Update applied to a copier example
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